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1 Introduction

Operations on matrices and polynomials are very important in scientific computing. Many algorithms work-
ing with these operations exist. Here, Strassen’s algorithm for matrix multiplication is discussed. Coefficient
and point-value representations of the polynomials and different operations on those representations are also
discussed.

2 Matrix multiplication

We wish to find C = AB, where each of A,B and C are n × n matrices. We assume that n is an exact
power of 2.

2.1 Trivial algorithm

MATRIX-MULTIPLY(A,B) : C

1. n← rows[A]

2. let C be an n× n matrix

3. for i← 1 to n

4. do for j ← 1 to n

5. do cij ← 0

6. for k ← 1 to n

7. do cij ← cij + aik × bkj

8. Return C

The running time for above algorithm is Θ(n3).
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2.2 Strassen’s algorithm

Can we improve on the above algorithm by using divide and conquer? We divide each of A,B and C into
four n/2× n/2 matrices. Thus,

A =

(

A11 A12

A21 A22

)

B =

(

B11 B12

B21 B22

)

and

C =

(

A11B11 + A12B21 A11B12 + A12B22

A21B11 + A22B21 A21B12 + A22B22

)

Let C11 = A11B11 + A12B21, C12 = A11B12 + A12B22, C21 = A21B11 + A22B21, and C22 = A21B12 +
A22B22. Each of the four terms of C requires two multiplications of n/2 × n/2 matrices and the addition
of their n/2× n/2 products. Thus the recurrence relation is:

T (n) = 8T (n/2) + Θ(n2).

The solution of the above recurrence relation is T (n) = Θ(n3) and the running time is same as that of
the trivial algorithm. Strassen’s algorithm requires only 7 multiplications of n/2×n/2 matrices and Θ(n2)
additions and subtractions of their n/2× n/2 products. The recurrence relation is:

T (n) = 7T (n/2) + Θ(n2).

T (n) = O(n2.81).

The idea is to form seven n/2 × n/2 matrices by 7 multiplications and additions and subtractions and
then performing additions and subtractions on those 7 matrices to get the matrix C . The seven matrices are
as follows:

P1 = A11(B12 −B22)

P2 = (A11 + A12)B22

P3 = (A21 + A22)B11

P4 = A22(B21 −B11)

P5 = (A11 + A22)(B11 + B22)

P6 = (A12 + A22)(B21 + B22)

P7 = (A11 −A21)(B11 + B12).

The individual n/2× n/2 matrices of C can be calculated as:

C11 = P5 + P4 − P2 + P5
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C12 = P1 + P2

C21 = P3 + P4

C22 = P5 + P1 − P3 − P7.

3 Polynomial operations

There are two types of polynomial representations. Coefficient representation and point-value representa-
tion.

3.1 Coefficient representation

Any integer strictly greater than the degree of a polynomial is a degree-bound of that polynomial. A co-

efficient representation of a polynomial A(x) =

n−1
∑

j=0

ajx
j of degree-bound n is a vector of coefficients

a = (a0, a1, ...., an−1).

Polynomial addition:

Let p(x) and q(x) be two polynomials of degree-bound n such that p(x) =

n−1
∑

j=0

pjx
j and q(x) =

n−1
∑

n=0

qjx
j . If

the degree-bound of the two polynomials is not same, then pad up zeros as the coefficients of the polynomial
having lower degree-bound.

p(x) + q(x) =

n−1
∑

i=0

(pi + qi)x
i.

This takes Θ(n) time.

Polynomial multiplication:

Let p(x) and q(x) be two polynomials of degree-bounds n(p) and n(q) respectively such that

p(x) =

n(p)−1
∑

j=0

pjx
j and q(x) =

n(q)−1
∑

n=0

qjx
j .

p(x)× q(x) =

n(p)+n(q)−2
∑

i=0

(

i
∑

j=0

(pj + qi−j)x
i.

The running time of the algorithm described below is Θ(n2). We can improve the running time by applying
divide and conquer strategy.
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POLY-MULTIPLY(p, q) : r

1. for i← n(p) to n(p) + n(q)− 2 do pi = 0

2. for i← n(q) to n(p) + n(q)− 2 do qi = 0

3. for i← 0 to n(p) + n(q)− 2

4. do ri = 0

5. for j ← 0 to i

6. do ri = ri + (pj × qi−j)

7. Return r

Polynomial multiplication with divide and conquer:

The method is demonstrated on polynomials of degree-bound 2 and then it will be generalized. Let p(x) =
p0 + p1x and q(x) = q0 + q1x. Number of multiplications required to compute p(x) × q(x) using above
algorithm is 4.

p(x)× q(x) = (p0 + p1x)× (q0 + q1x) = A + Bx + cX2

A = p0q0, C = p1q1

B = p0q1 + p1q0 = (p0 + p1)(q0 + q1)−A− C .

Number of multiplications have been reduced to 3. This method can be generalized to polynomials of
degree-bound n as follows. Let p(x) and q(x) be two polynomials of degree-bound n such that p(x) =
∑n−1

j=0 pjx
j and q(x) =

∑n−1
n=0 qjx

j . Assume that n is an exact power of 2.

Define:

a(x) = p0 + p1x + ...... + pn/2−1x
n/2−1

b(x) = pn/2 + pn/2+1x + ...... + pn−1x
n/2−1

c(x) = q0 + q1x + ...... + qn/2−1x
n/2−1

d(x) = qn/2 + qn/2+1x + ...... + qn−1x
n/2−1

Then:

p(x) = a(x) + xn/2b(x)

q(x) = c(x) + xn/2d(x)

r(x) = p(x)q(x) = A(x) + B(x)xn/2 + C(c)xn
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Substituting values of p(x) and q(x),

A(x) + B(x)xn/2 + C(c)xn=(a(x) + xn/2b(x))(c(x) + xn/2d(x))

A(x) = a(x)c(x), C(x) = b(x)d(x)

B(x) = (a(x) + b(x))(c(x) + d(x)) −A(x)− c(x).

This method involves 3 multiplications of polynomials of degree bound n/2 along with additions and sub-
tractions. The recurrence relation is

T (n) = 3T (n/2) + Θ(n)

T (n) = O(n1.58)

Polynomial evaluation:

Let p(x) be a polynomial of degree-bound n such that p(x) =
∑n−1

j=0 pjx
j . We want to evaluate value of

p(x) for some value of x. If we evaluate the polynomial by computing each term seperately, it will take
Θ(n2) time. But using Horner’s rule:

p(x0) = p0 + x0(p1 + x0(a2 + .... + x0(pn−2 + x0(pn−1))....))

evaluation takes Θ(n) time as in the algorithm described below.

POLY-EVALUATION(p, x0) : y0

1. y0 = 0

2. for i← n− 1 down to 0

3. do y0 = y0x0 + pi

4. Return y0

3.2 Point-value representation

A polynomial p with degree-bound n can be represented by n point-value pairs {(x0, y0), (x1, y1)........(xn−1, yn−1)}
where yi = p(xi) and xi 6= xj for i 6= j.

Theorem 1. For any set {(xi, yi) | 0 ≤ i ≤ n− 1 and xi 6= xj for j 6= i} there is an unique polynomial of
degree n-1 or less such that yi = p(xi).

Proof. Suppose that such a polynomial p of degree-bound n exits and has coefficients of the form p0, p1, ....., pn−1.
Then the following equation must hold and must have an unique solution,
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The matrix on the left is denoted as V (x0, x1, ..., xn−1) and is called Vandermonde matrix. This matrix
has determinant

∏

0≤j<k≤n−1

(xk − xj).

This determinant is always not zero since xk and xj are distinct. Thus the Vandermonde matrix is in-
vertible and the above equation can be rewritten as
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Thus, there exists an unique set of coefficients for a given point-value representation.

Polynomial addition:

If we have point-value representation for for p,

{(x0, y0), (x1, y1), ...., (xn−1, yn−1)}

and for q,

{(x0, y
′

0), (x1, y
′

1), ...., (xn−1, y
′

n−1)}

(p and q are evaluated at same points) then point-value representation for r, where r(x) = p(x) + q(x),
is,

{(x0, y0 + y
′

0), (x1, y1 + y
′

1), ...., (xn−1, yn−1 + y
′

n−1)}

Thus, time required to add two polynomials in point-value form is Θ(n)

Polynomial multiplication:

The point-value form is convinient for multiplying polynomials. If r(x) = p(x) × q(x) then, r(xk) =
p(xk)q(xk). If p and q have the degree-bound n, the degree-bound of r is 2n− 1. So we need 2n− 1 points
for a point-value representation of r. Thus, we need 2n−1 point value pairs for p and q. Thus, time required
to multiply two polynomials in point-value form is Θ(n)
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3.3 Converting from coefficient representation into point-value representation

Converting from coefficient representation into point-value representation is straightforward. Just select n
distinct points, where n is the degree-bound of the polynomial, and evaluate value of the polynomial at those
points to get the point-value representation. Evaluation of polynomial at one point takes Θ(n) time. Thus,
evaluation of polynomial at n points takes Θ(n2) time.

3.4 Converting from point-value representation into coefficient representation

This is also called as interpolation. It can be done by solving the above equation involving the inverse of the
Vandermonde matrix. The equation can be solved in O(n3) time. A faster algorithm is based on Lagrange’s
formula:

p(x) =
n−1
∑

k=0

yk

∏

j 6=k

(x− xj)

∏

j 6=k

(xk − xj)

Let,

a =
∏

j

(x− xj),

a can be computed in Θ(n2) time. Then,

p(x) =

n−1
∑

k=0

yk
a/(x− xk)
∏

j 6=k

(xk − xj)
.

Also,

∏

j 6=k

(xk − xj)

can be computed in Θ(n) time for a given k. a/(x − xk) can be computed in Θ(n) time by using syn-
thetic division. Thus, the time required to compute coefficients of p by using Lagrange’s formula is Θ(n2).
If we choose nth complex roots of unity for the evaluation and interpolation then the conversion takes Θ(n
lg n) time. This is the basis of DFT and FFT.
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